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Improvement of Human Work Using Skeleton Detection Technology
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Abstract
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In recent years, automation using robots and other technologies is increasingly used in production
and manufacturing processes. However, In processes where complete automation is difficult, manual

assembly operation by humans is still necessary.

With team member, traditional methods of process improvement are employed in order to improve
productivity in assembly processes. These methods require the responsible personnel to directly
observe the target process, which requires significant person-hours.

At Toyoda Gosel, we have been utilizing a skeleton detection algorithm to quantify tasks. This
allows us to recognize the movement distances and operation sequences of skilled team member,
thereby leading to improvements in work processes. In this paper, we report on these efforts.
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